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Dropout: [This paper]

Multiplying bernoulli noise
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Regression: Maximum Likelihood

y|w ~ N(f(w, x), s)



Regression: Maximum a Posteriori

y|w ~ N(f(w, x), s)

w ~ N(0, s0)

w|y ~ N(wmap, sn) 

regularization



Regression: Full Bayesian

y|w ~ N(f(w, x), s)

w ~ N(0, s0)

w|y ~ N(wmap, sn) 

p(y|x) = ∫w p(w|y) p(y|w) dw ensembling



I heard you like priors …

y|w ~ N(f(w, x), s)

w ~ N(0, es0)

w|y ~ N(wmap, sn) 

e ~ Exp(α)



I heard you like priors …

y|w ~ N(f(w, x), s)

w ~ N(0, es0)

w|y ~ N(wmap, sn) 

e ~ Exp(α)multiplicative noise



Gaussian Scale Mixture, 'shrinkage prior'

y|w ~ N(f(w, x), s)

w ~ N(0, s0) Exp(α)

w|y ~ N(wmap, sn) 

Laplace distribution / L1 Reg.



Dropout == GSM



A Generalization of Dropout
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ResNet



ResNet: Automatic Depth Determination

Weights → 0

= x






